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Since here Q; = 0, it follows from (37) that v(g) = k, and, thus,
an estimate for » will be

sup k, < inf (0,0, uy), j= 1,5, k=12, (51)

% ke uyely

where the coefficient o, are subjected to the constraints given by
Egs. (45) and (46). '

* §Tot)e that the positive integers {s;} are not determined yet. A
simple choice of these integers will .be s, =1, & = 1, 2, . By using
this sequence, we see that Eq. (50) yields the following inequality:

VJR0) dx — agrd® [ | i (—1)F kag (1 — ¢/ T)1 dt}
[Z;;:l agk OT T + agm?ki (1 — t/T))? dt]ir2

< inf 1(0,0, 1), (52)

upely

are given by (45). ‘
Whefz O;?I;nilargscheme can be applied for computing lower bounds on

I(f, u, , u) for System B.

4. Conclusions

From the two duality theorems (Theorems 2.1 and 2.2)‘ derived
in this paper, estimates for lower bounds on the cost functlonad~ for
System A or B can be computed. Actually, for any g€ 'V, vég)f given
by Eq. (37) is a lower bound on I(f, u, , Uy) for System J}, and, for afny
ge W, v(g) given by Eq. (38) is a lower bound on I(f, u,, u,) for

B. These follow directly from Ineq. (31). .
SYSte'ﬁI[I‘lhe scheme for computing lower bounds on the cost functional,

suggested in Section 3, may be applicable, but it is not claimed here
that this is the best scheme. Actually, one can represent elen}ents of
the set ¥V (or W) in forms other than that of (49), and by this other
schemes would have to be suggested.
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Additional Aspects of the Stackelberg Strategy
in Nonzero-Sum Gamest!

M. Smvaan? anp J. B. Cruz, Jr.2

Communicated by Y. C. Ho

Abstract. The Stackelberg strategy in nonzero-sum games is a
reasonable solution concept for games where, either due to lack of
information on the part of one player about the performance function
of the other, or due to different speeds in computing the strategies,
or due to differences in size or strength, one player dominates the
entire game by imposing a solution which is favorable to himself.
This paper discusses some properties of this solution concept when
the players use controls that are functions of the state variables of
the game in addition to time. The difficulties in determining such
controls are also pointed out. A simple two-stage finite state discrete
game is used to illustrate these properties.

1. Introduction

The Stackelberg solution of a two-player nonzero-sum game
(Refs. 1-3) assumes that the roles of the players are different. There
is a leader and there is a follower. The follower conforms to the policies
of the leader by allowing him to determine his strategy first. The leader
foresees this and, in effect, controls the entire system.

Let U, and U, be the sets of admissible controls for Players 1 and 2,
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respectively, and let Ji(u; , u,) and Jy(u, , up) be their corresponding
cost functions. If there exists a mapping 7T: U, — Uj such that*

Ji(Tuy , uy) < Ji(uy 5 ) Vu, € Uy 1
for every u, € U, , then the set
D, = {(u, , uy) € Uy X Uy: g = Tuy Yup, € Uy} )

is called the rational reaction set for Player 1 when Player 2 is the leader.
Furthermore, if there is a (tyg , Usg) € Dy such that

Jo(thyso 5 thasa) << Joltha 5 ) V(uy, up) €Dy, 3)

then (i , Ua) is called a Stackelberg strategy pair when Player 2 is
the leader. When Player 1 is the leader, the rational reaction set for
Player 2 and the Stackelberg solution are denoted by D, and (v, Use1)s
respectively. It is clear that, if D, and D, intersect, then their common
element (u;y , Uyw) is the Nash solution of the game. In this case, it
follows (Ref. 2) that

Jo(thrss » tase) < Jo(tan Upn)
when Player 2 is the leader and that
Ja(ttys1 > tas1) < Ja(tan > an)

when Player 1 is the leader.

The properties of the open-loop Stackelberg solution for a class
of linear quadratic games were discussed in Ref. 2. In this paper,
additional properties of this solution are obtained. It is shown that,
unlike the case of closed-loop Nash controls (Refs. 4-5), dynamic
programming cannot be used to calculate the closed-loop Stackelberg
controls. To differentiate closed-loop Stackelberg controls from controls
obtained via dynamic programming, the latter are called Stackelberg feed-
back strategies. Both closed-loop Stackelberg controls and Stackelberg
feedback strategies have attractive properties that are discussed via a
simple two-stage finite state game. The difficulties in deriving the
necessary conditions for the existence of the closed-loop Stackelberg
controls and feedback Stackelberg strategies are pointed out and,
finally, necessary conditions for the existence of feedback Stackelberg
strategies for a class of discrete multistage games are derived.

17t is clear, from the definition of T, that only problems where, for every u, € U, , there
corresponds only one element Tu, € U; such that (1) is satisfied are considered in this

paper.
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2, Illustrative Example

There are several forms according to which controls in dynamic
games can be selected. "There are controls that are functions of the
time onIy_ and known as open-loop controls, and there are controls that
are functions of the time and the state of the game as well, and these
are known as closed-loop controls. In order to illustrate how tl’le selection

of .such controls is done, let us consider the following simple two-stage
finite state game.5

Example 2.1. Consider the game shown in Fig. 1. At ever
stage and from every state, each player has a choice between two possiblz
controls, 0 and 1. After decisions have been made, the transition and
costs borne by the players are shown in Fig. 1, where the first entries
in the enci'rcled quantities are the costs borne by Player 1 and the
second entries are those borne by Player 2. The subscripts or superscripts

Fig. 1. A two-stage discrete game.

® A similar example was considered in Ref. 5 for the Nash solution,

8o09/11/6-4
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Table 1
Ciy Ci2 O3 Oia
u; O] o 0 1 1
ui (1)} o 1 o} 1

o and ¢ will be used to denote open-loop and closed-loop quantities.
Consider first the open-loop controls for this game.

(i) Open-loop controls. Assume that, before the start of the game,
the players have to commit themselves to controls u;(f) and wuy(?) t.hat
are functions of time only; then, each player has four such possible
functions to choose from. In other words, the sets of admissibl.e open-loop
controls are U = {o;;;7 = 1,..,4} and Uy = {0y;;j = L,..., 4},
where o;; are obtained from Table 1 for 7 = 1, 2.

The game with these admissible controls can be rep¥esented as a
bimatrix game, as shown in Fig. 2. Suppose that Player 2 is the leader;
then, for every o, € Uy, Player 1 will choose a control 1n‘U1° that
minimizes J; . Thus, the rational reaction set Dy, can be easily deter-
mined as follows:

Dy, = {(013, 021), (011 > 022)s (014> 093), (013 5 024)}s

and the Stackelberg strategy is (017, 0g9). The corresponding trfjectory
is (1) = 1 and x(2) = 2, and the costs are [, = 11 and J5, = 6.
Similarly, the rational reaction set Dy, is

Dy, = {(011 > 023), (012 5 023), (013 5 0s4)s (014 » 021)}>

Open- Loop Stackelberg
with 2 as Leader

Player 2
O21 Oz2 O23 O24

°oun{ 8,8 10,-2 | 11,0
%w2| 6,4 12,3 7,2 | 12,4
o3 | 5,12 |20,15 | 5,11

14 16,7 | 3,7 f 9,6

Player 1

Open-Loop Stackelberg Open-Loop Nash

with 1 as Leader

Fig. 2. Open-loop bimatrix game for Example 2.1.

. «-mmmmM
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Table 2
Ci1 | Ciz [ Ciz | Cia [ Cis | Cig | Ci7 | Cia | Cio | Cit0] Cin Ci12 | Ci13 | Ci14 | Ci15 | Cite
vioblojojojojolofolol 111111 1111
yi(l,2Yo|lo|o]o]1 1 1 1|10} 0|00 1 141 1
va,ujojoj1|rjofofl1[1]oflol1]l1]o0olo]l1l1
ui{l,)fo |1 lo|1]o0 1 /o] 1|0 110 110 1|0 1

and the Stackelberg strategy when Player 1 is the leader is (0145 031),
leading to the trajectory x(1) = 0 and %(2) = 0 and the costs Jiqa =6
and J3,; = 5. Furthermore, the Nash solution, which is the common
element in Dy, and D,,, is (045, 0y,); its trajectory 1s x(1) = 1 and
%(2) = 2, and the costs are J{y = 8 and J3y = 9. Consider, next, the
closed-loop controls.

(i) Closed-loop controls. Assume that the players are restricted
to announce, before the start of the game, control laws u,(¢, x) and
us(?, x) that are functions of the time and the state of the game. The
actual values of their controls can then be determined only while the
game is played, once the actual value of the state at each time is known.
Such controls are called closed-loop controls. In this game, there are
16 such choices for each player, and the sets of closed-loop admissible
controls are Uy = {¢;;;7 = 1,..., 16} and Uy = {cy; ;7 = 1,..., 16},
where ¢;; are as in Table 2 for i = 1, 2.

For every ¢,; that Player 2 may choose, Player 1 will have to solve
an optimization problem, and his corresponding optimal closed-loop
control can be easily obtained (e.g., via dynamic programming). For
example, if Player 2 chooses ¢y, then the optimization problem for
Player 1 is shown in Fig. 3, and it is easily seen that €14 is his optimal

t=0 t=1 t=p

Fig. 3. Optimization problem for Player 1 when u,(t, x) = ¢y .



618 JOTA: VOL. 11, NO. 6, 1973

closed-loop control. If this procedure is repeate'd for all uy(x, t) € Uy,
the rational reaction set D,, for Player 1 is obtained as follows:

Dy, = {(c115 > €21), (€155 29), (€113 > €28)s (€16 » €2a)s (€111 5 €25)s (€125 Co6)s
(€195 €27)s (€12 » Cag)s (€115 5 €29)5 (€126 5 €a10)s (€15 5 €211)s (€16 > Ca12)s
(€111 » C213)s (€119 C14) (€11 5 Co15)s (€125 Ca16)}

Following the same procedure, the set Dy, is obtained as follows:

Dy = {(c11 €211)s (12> €11) (€135 €211)s (€14 > €211)> (€15 5 €211)s (€16 5 €a11)>
(€175 Ca11)» (€185 €a11)> (€19 5 €211)» (€110 €23), (1115 €211)s
(€112 5 €23)s (€113 5 Ca11)s (€114 €23)s (€115 €a11)> (€116 5 €23)}-

There are two closed-loop Stackelb'erg controls with Player 02 ai lf;aiil;i
(¢15 5 €11) and (cyq, €a1), both 'leadmg to the samedcostzs _Eyzl _Takin
Jss = 2 and to the same trajectory x(1) = 2 and x(2) = 1. ! )g
D’S N D,, , there is only one closed-loop Nash control paur,6 (515_; tzur ,
giifcing the same costs Jiy = 7 and J§y = 2 and the same® trajectory
= = 1.
W ';h‘lzjsani:’(i)l the Nash solution, open-loop and clo_sed—lm})lp
Stackelber’g solutions are generally different. However, smcs:e . Ctese
Stackelberg and Nash controls are §elected from t}}ie sa}t}meleager i;
whether U;? x Uy or Uy® X Uy, it 1s alV.vays true that lt e
better off in the Stackelberg solution than in the Nash solution.

(iii) Feedback strategies. The procedure des.cnbed. ablove t}{or
calculating the closed-loop Stackeli;)erg fcoilttrff;ls St;sgeglzrtlz C(e)xlll%ml};,

1 in games with a large number of sta , . ols,
Zzpizcilillzfalllr}lf %he case. One approach for simplifymg th‘ls comp}tllit:}tlloir;
is to use the following dynamic programming techniqu-e, WAt h i
similar to the one described in Ref. 5 for the Nash so utﬁ)n. Jime
¢ = 1, there are three possible states. Fron% every state, the 1:Trarll1 on
to the next stage f = 2 is a 2 X 2 matrix game WIZIOSC kal(si e
Stackelberg controls (with 2 as leader) are cal‘culatgd an mz}cr fer ‘ gose
and S, in Fig. 1. Eliminating all other trajectories excep }?Oices >
marked by S,, we see that, at stage ¢ = 0, there are two ¢ cos o
controls for each player, resulting in the 2 X 2 matrix game

. . . th
6 The coincidence of one closed-loop Stackelberg solut1o_n with Player 2 as le'flde; aneda Sﬂe
losed-loop Nash solution in this example is only accidental. In fact, 1t' can deiff eren};
checked that, when Player 1 is the leader, the closed-loop Stackelberg solution is
C! s

from the closed-loop Nash solution.
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Player 2 Player 2

~ o 1 B 0 1

5l o 11,0 gl o (1,6 |72

<) o

ol 1 f18,7 | 3,7 &1 |s,121 8,9

(a) Stackelberg (b) Nash

Fig. 4. Stackelberg and Nash feedback strategies via dynamic programming.

in Fig. 4a. The Stackelberg strategy computed from this bimatrix game
is encircled on Fig. 4a and is identified as (€14 5 €36)- Similarly (Ref. 5),
eliminating all trajectories except for those marked by N, we see that
the Nash controls calculated from the resulting bimatrix game at t —
and shown in Fig. 4b are identified as (€15 5 €511)- Therefore, we readily
note that this dynamic programming technique, when used for calculating
the Stackelberg strategies, did not lead to the closed-loop Stackelberg
controls obtained in (ii), while when used for the Nash controls it did
indeed lead to the closed-loop Nash controls. It is therefore necessary
to differentiate between these two types of controls. For this reason,
we shall call the controls obtained via dynamic programming approach
feedback strategies; and the subscripts or superscript f will be used to
denote related quantities. Thus, the Stackelberg feedback strategies for
this example are (¢, , Ca6) With trajectory x(1) = 1, %(2) = 0 and costs
ls = 6 and Ji, — 4, and the Nash feedback strategies are (cy5 , ¢yy,)
with trajectory x(1) = 2 and %(2) = 1 and costs J]y = 7 and Jiv=2
which are identical to the closed-loop Nash controls. Another conclusion
which can be drawn from the above computations is that the property
that the leader is better off in the Stackelberg solution than in the
Nash solution is no longer true when feedback strategies are considered
(note that, in this example, Ji, > Jin). Naturally, this is due to the
fact that the trajectories eliminated at f — ] are different in both cases.
Although this example is quite simple, it illustrates the difficulties
encountered in determining the closed-loop Stackelberg controls in
nonzero-sum dynamic games. The principle of optimality (Ref. 6),
which in effect is the tool that simplifies the computational procedures,
does not generalize to the Stackelberg solution as it does to the Nash
solution. In fact, it can be easily checked that neither the open-loop
nor the closed-loop Stackelberg solutions in the previous example have
the Stackelberg property for the game resulting from the transition
from z =1 to t =2 (ie,, starting at ¢ = 1). At x(1) = 2, which is
on the trajectory of the closed-loop Stackelberg solution for the game
starting at ¢ = 0, the remaining Stackelberg solution is (1, 0), leading
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to J; = 2 and J, = 5, while the closed-loop Stackelberg control for
the game starting at ¢ = 1 gives the controls (0, 1), leading to J; = 6
and J, = 3. These results will now be generalized, and the equivalence
between the closed-loop Nash controls and the Nash feedback strategies

will be proven.

3. Stackelberg Solutions in Differential Games

The differences among the open-loop, closed-loop, and feedback
controls are due to the fact that they are selected from different sets
of admissible controls. A definition of these sets in differential games
is therefore necessary. Let [t,,#,] be the interval of time over which
the game is defined. Let 7 € [£,, #;) and let U3, and U3, denote the sets
of all admissible open-loop (for example, measurable functions) controls
on [r, /] for Players 1 and 2, respectively. Now, define the set

X, = {x(t): & = fx, 8,0y, ), LE[7, &), x(r) = & u € Uy, ,up € Usr},

and consider the following performance indices defined on [, £]:
tr
]z(f) Ty Uy u2) = KZ(x(tf)) + f Li(x’ Z Uy, “2) dt, 1= 1: 2: (4)

with 4, € U3, , u, € Us, and x(?) satisfying
g=flrtu,m) x()=¢§  telnyl ®)

Clearly, the open-loop admissible control sets for the game starting
at f, are U3, and U3, , and the necessary conditions for the existence of
Stackelberg strategies in these sets are easily obtained as follows. The
rational reaction set D;,, when Player 2 is the leader, is composed of
(uy(2), us(2)) € U3, x Uj,, satisfying the following necessary conditions:

& = f(x, t, uy(2), us(1)), %(to) = %o » (6)
P = —eH,jox,  p'(t;) = OKy(x(t)))|0x(tr), (7
0 = 8H,/ou, , @)
where
Hl(x’ t: ul H u2 > P) é Ll(x7 t! ul 3 uz) +Plf(x: t: ul 3 u2)! (9)

and the pair (u;(?), tos(?)) € Dy, that minimizes Talg , 2o, 1y, Us)
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sub_]ec.:t to (6)—(9) as constraints can be shown, simply by using variational
techniques, to satisfy the following necessary conditions’:

A= —0H 0w, N(t) = ORy(a(t))ox(ty) — A (1)K (a(t,)) (2, ), (10)
A = —0H,[0p, Ay(to) = 0, (11)

0 = 0H,/éu, = 0H,/0u, ,
where ’ . 1

Hy(x, t,py 0y, uy, A, Ay, Ag) A Lo(x, t, 1y, uy) + Af(x, ¢, Uy, Uy)
+ A (—0H, [ox) + A/ (0H, Jow).  (13)

When K, (x(t;)) = 0 and K,(x(2))) = 0, th iti imi
o o falr)) = 0 and 3.2( (%) , these conditions become similar
The closed-loop admissible control sets Ui, and U, at ¢,, from

which the players select their closed-loop con ;
- trols befl
the game are defined as follows: ’ ros before the start of

Uty = {ut, 2(t)): [ty , 1,] ¥ Keoy— Ui}, 1=1,2.

These are the sets of all functions of ¢ and x(z) defi

that t_he corresponding solution x(#) of (5) wi(th) T reg?i:c? b[;o ; tf]vjlllleczh
substituted back in u,(¢, x(2)), produces 2 function of time Whichot;elon I;
to the space U, - The necessary conditions for the existence ofg
closgd_-loop Stackelberg solution are not easily obtained by usi .
variational techniques as in the case of the open-loop solutign 'Il‘;llg
closed—logp fragional reaction set Dy, when Player 2 is the lea;ier iz
composed of the pairs (u,(t g isfyi
folloI;Ving necessafy COlgdli(ti,Ofl(St:))’ w20 e e Ui, saisfying the

& = f@ 1, ug(t, 2(2)), un(t, %(2))),  x(ty) = x,, (14)
P = —0H,[ox — oM, [ou,[ouy(t, x(t)2x(1)],  p'(t;) = 0K (x(z))/Ex(t,), (15)
0 = &M, /u, , (16)

where M, is as defined in (9). Because i

. ‘ . of the term includj
duy(t, x())/0x() in (15), it can be ecasily shown that variational te?flf
niques fail to produce a candidate in Ui, x U3, which minimizes
Jo#o s ty, 4y, u;) when subject to (14)—(16) as ‘constraints. Other

. .
dNot‘e tltxat OH,[ox = (V.H,) is a row vector. The same notation is used for all partial
erivatives of a scalar function with respect to a vector. parme
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possible approaches for performing this minimization are not investigated
in this paper and remain unexplored for future res_earch. '
We now consider the case of feedback strategies. Let the }nterval
be divided into N equal subintervals of time. Consider an
e S hat the Stackelberg feedback
arbitrary interval [7;, 7,,,], and assume that tf e dg)‘ s
strategies (in the sense that is being defined) u{,(t, %(Z)) an ugsa( g )
for the game defined over the interval [7;,,#;] have been o gjame .
Let J(x(Tj41), Ti+1» Whsa » Uhs)s = 1,2, be the costs corresponding to
i j+1/y ‘4+1 3 %ls
these 1strat]egies. Furthermore, let Uf, and Ul denote the subsets é)f
U¢. and US, obtained by eliminating all controls that do not c011r\1101 e
ith : i ; . Now
with ulg(t, x(2)) and uly(t, x(t)), respectively, over [rjq,1] Yow,
consider the game defined over [r;, £;], where the state equation 1
in (5) and the performance indices (4) are reduced to

f f
]i(x(Ta‘)’ Ty Uy uz) = ]i(x(-r,-ﬂ), Tip1s Yis2 u2s2)

—{—iji(x,t,ul,uz)dt, i—1,2, (17

f 4
where 1, € U], andu, € Uf,j . Let (ul (2, %(2)), o2, %(2))) € Ui, X Ul,,
be the Stackeiberg strategies® for the game defined by (17) and (51%
with = replaced by 7;. Now, if there exist such strategies for al
7, €[ty , t;) when this procedure is repeated backward in time urﬁﬂ-
l]] { a(;l’d fUét are obtained, and if their limit as | i T T l —0 fc;r all j
oi'toas N —>ooo) exist, then the resulting strategies in Ui, X Uj, are

lled Stackelberg feedback strategies. ‘
“ eIn a similargway (simply by replacing the WOI.'d Sgackelberg by
the word Nash) as above, the Nash feedback strategies win(t, (1)) al}lld
uhn(t, x(t)) are defined. We now prove the equivalence between the

closed-loop Nash controls and the Nash feedback strategies.’

iti I - | pair (u{N(t, x(t)),
P osition 3.1. he closed-loop Nash contro p
us (t xr((g))) are equal to the Nash feedback strategies (u{N(t, x(t)),
AN\

ubn(t, %(2)))-

Proof. The proof of this proposition is straightforward. Let (& 7)

; i i iginall
8 It should be clear that these strategies defined over [7;, £7] al.:ld thos'e obt.amedforl‘%lrtli ony
for [+ t;] coincide over [7,41 , ]; hence, in order to avoid proliferation of nota ,
i1

; 7
y s 1] (2, x(t)). .
they are denoted by the same expressions ut;, ) X
*In Zhis proposition, we assume that the Nash closed-loop and feedback strategies exis
)

and are unique.
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be any point in the state space. Every pair (dy(t, x(2)), dy(t, (2))) € D,,
has the property that, if #,(z, x(2)) is restricted to the time interval
[7, ], then #,(t, x(t)), which is obtained by solving an ordinary optimiza-
tion (rather than a game) problem where it is known that dynamic
programming or any other method lead to the same optimal control,
when restricted to [r, #], is also optimal for the optimization problem
resulting from (4)~(5) when u, — ¢, x(t)). Similarly, every pair
(44(t, (1)), ix(2, x(t)) € D,, has the same property for #y(z, x(t)) when
a,(t, x(t)) is restricted to [7,%]. Therefore, since (ufy(z, x(2)),
usn(t, x(t))) € Dy, N Dy, , it follows that these properties hold simulta-
neously for both controls and, hence, it is also a Nash feedback strategy.

This proposition justifies the simultaneous use in Ref. 5§ of the
closed-loop Nash controls and the Nash feedback strategies as being
identical solutions. However, because the closed-loop Stackelberg
control pair lies on the rational reaction set D,, of the follower and not
generally in the intersection of D, and D,,, it cannot be concluded
that it coincides with the Stackelberg feedback strategies. In other
words, Proposition 3.1 simply says that, at any time during the course
of play and from any allowable state at that instant, if the players
recalculate their closed-loop Nash controls, these controls will be the
same as the remaining part of the controls calculated initially. This,
however, is not true in the case of the closed-loop Stackelberg controls.
In fact, when dynamic programming is used, several controls in closed-
loop form are eliminated from consideration at ty because they do not
possess this optimality (Nash or Stackelberg) property from all other
possible starting points (£, 7). Thus, because of Proposition 3.1, in the
case of the Nash solution, the closed-loop Nash controls will not be
among those controls that are eliminated at Zy ; while, in the case of
the Stackelberg solution, the closed-loop Stackelberg controls most
likely will. Furthermore, the closed-loop controls eliminated at #, in
the Nash solution are not the same as those eliminated at t, 1n the
Stackelberg solution (i.e., U{,o is not the same in both cases; for example,
see Fig. 4) and, hence, it is no longer possible to conclude that the
Stackelberg feedback solution is more beneficial to the leader than the
Nash feedback solution.

In order to illustrate the dynamic programming technique described
earlier, the necessary conditions for the existence of Stackelberg
feedback strategies for a class of discrete games, where dynamic

programming is more easily applied, are obtained in the following
section.
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4. Stackelberg Feedback Strategies in Discrete Games
Consider the multistage discrete game defined by

20) = x5, [=0.,N—1, (18)

(14 1) = f(@(D), L, wy(D), us(D)),

where the state x(/) and the decision (control) vari.ables u,(!) and u,(I)
are n-dimensional, m,-dimensional, and m,-dimensional vectors of real
numbers for all I = 0, 1,..., N — 1. Let the cost functionals defined over

stages k,..., N be of the form

Ji(x(R), B, uy , ug) = K(x(N)) + ElLi(x(l), Louy(D), uy(1)), (19)

where w; = (u(k)y--, us(N — 1)), i = 1, 2. Suppose that Player 2 is the
leader, and assume that the transition from the kth to the (k + I)th
stage is under consideration. Let uf ., and ul, be the Stackfelberg feedback
strategies for the game starting at stage & + 1 and endm;g at stage N,
and let V(x(k -+ 1), & + 1) = Ji(x(k + 1),k + 1, ulg , U), 1 = 1,2,

be the costs corresponding to these strategies and obtained from

N-—1

Viak 4+ 1), 2 + 1) = K@) + Y. L@, L ufall, (1)), uglls %(D)),
. i=1,2, (20)

where x(l) is obtained from
sl + 1) = F), b gl 30), ol D), 1=k o+ Ly N— 1. (21)

The cost functionals for the game defined over stages k..., N can
therefore be written as

Tia(k), by (), ug(k)) = Vil + 1), & + 1) + Li(a(k), k, k), us(R))- (22)

Assuming that no constraints exist on the controls, we see that, foF a
fixed uy(R), the follower (Player 1) determines his optimal u,(k) (assuming
that it exists) as a function of uy(k) and x(k) from

8 J1(x(R), k, uy(R), ua(R)) 0wy (k)
— [aVy(x(k + 1), k + D)fex(k + D][of/ouy(R)] + 0Lyf0u (k) = 0. (23)

The leader, therefore, must minimize Jy(x(k), k, #,(k), up(k)) subject to
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(23) as constraint. The necessary conditions for this minimization are

OLy[0uy(k) + [0Vo(x(k + 1), k -+ 1)[0x(k + 1)][0f/0u(k)] + (8/0u (k)
X [N(R)OLy|ouy(R)]" + X' (R)[f [0y (R)) [0V 1(x(k + 1), k + 1)/ox(k 4 1)]'] = O,
i=1,2 (24)

where A(k) is an m;-dimensional Lagrange multiplier. When (23)-(24)
are solved, u{fsz(k, %(k)) and V(x(k), k) for the game from k& to N are
obtained. This procedure is then repeated until the starting stage is
reached. The boundary conditions for (23)~(24) are given at the
terminal stage by Vy(x(IV), N) = K (x(N)); i = 1, 2. Note that, when
stage £ = 0 is reached, all feedback strategies defined over the stages 1
to N — 1 will have been eliminated except for those that are feedback
Stackelberg strategies for the game defined on stages 1 to N — 1.

5. Conclusions

Several properties of the closed-loop Stackelberg controls have
been investigated and the difficulties (conceptual and computational)
encountered in their determination have been pointed out. Unlike the
closed-loop Nash controls, it has been shown that the closed-loop
Stackelberg controls cannot be obtained by applying dynamic pro-
gramming techniques. The solution obtained via dynamic programming,
called Stackelberg feedback strategies, has the property that, at any
instant of time during the course of play and from any allowable state
at that instant of time, it provides the leader with the best choice of
control (in the sense of Stackelberg), regardless of previous decisions
and with the assumption that Stackelberg feedback strategies will be
used for the remainder of the interval of play. On the other hand, if the
starting time is fixed, the leader’s closed-loop Stackelberg control is the
best control law (among all other admissible closed-loop controls) that
he can announce prior to the start of the game, but it does not have
this same desirable property from any other starting time. Since the
leader is virtually the only decision maker in the Stackelberg solution,
the decision of choosing between a closed-loop or a feedback strategy
depends generally on whether £, is known or not and whether the system
parameters are completely certain or not.

¥ In discrete games, the Stackelberg feedback strategies also have the property that the

players may announce their controls (the leader first) stage by stage, once the current

value of the state vector at each stage is known. Such development of information is
called successive (Ref. 7).
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Algorithms for Discounted Stochastic Games®
S. S. Rao,2 R. CHaNDRASEKARAN,? aND K. P. K. Naig?

Communicated by R. A. Howard

Abstract. In this paper, a two-person zero-sum discounted
stochastic game with a finite state space is considered. The movement
of the game from state to state is jointly controlled by the two players
with a finite number of alternatives available to each player in each
of the states. We present two convergent algorithms for arriving at
minimax strategies for the players and the value of the game. The
two algorithms are compared with respect to computational efficiency.

Finally, a possible extension to nonzero sum stochastic game is
suggested.

1. Introduction

In a stochastic game, the play proceeds in a sequence of steps or
transitions assumed to take place at every unit time interval and, at
each transition, the play is said to be in some state ¢ chosen from a
finite set of states. In each state, a finite number of alternatives is
available to each of the players. While in each state there is a zero-sum
reward and the game moves to other states probabilistically, both the
reward and transition probabilities depend on the actions taken by
the players in the state. Shapley (Ref. 1) introduced this concept of
stochastic game but with a stop probability in each state, derived a
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